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Fig. 1 Example of sorting memes.

B2 I—2u BMeborety hU—7 .

Fig. 2 Meme u; network.
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Fig. 3 Example of selecting the node i* having the most memes

in meme u; network.
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Table 1 Basic statistics of the test dataset A, B, C, D, E.

T2y b | =R | Vo | IR — a8
A 1287 3846 2389
B 1145 3945 2184
C 1079 3421 2069
D 856 2254 1050
E 686 1958 974
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Table 2 Results of estimating A.

F—4+¥ v k A
A 0.23
B 0.262
(@] 0.265
D 0.198
E 0.178
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