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Algorithm 1 ICMGENERATOR
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1: dp + {(u,0)|u € S}

2: repeat

3 (U, trmw) < ming, {(2, tma)| (2, tme) € dm,z € S}
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6: tmov < tmu + 9, where § ~ Exponential(0|ry.)
7 dp — d U{(v,tmo)}

8 S+ Su{v}

9 end if

10: end for

11: S+ 8\ {u}
12: until S =0
13: return d.,,
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