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Fig. 1 Histogram of number of pairs judged as ”similar”. This
indicates how many pairs were judged as similar in 200
trials (average 43.4 times). Most of the subjects are
concentrated around the average, however, outlier sub-

jects also exist (least 9 times, most 123 times).
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Fig. 2 Change of the value of p(e;j|si, pj) as changing the value
of s; +pj.
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Fig. 3 Scatter plots of "similar” points (left figure) and ”dissimilar” points (right fig-

ure) on the tolerance-similarity plane. Vertical axis is subject’s tolerance, and

horizontal axis is pair’s similarity. Lines on the figure means discrimination sur-

face s; +p; = 0, and it is desirable that ”similar” points are on the right side of

this surface and ”dissimilar” points are on the left side. Discrimination rate of

”similar” points was 42.5% , and of ”dissimilar” points was 95.8%.
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Fig. 4 Relation of Euclidean distance between feature vectors

d; and similarity p;. Linear correlation between d; and

p; is p = —0.553. Black line on the figure is regression

line p; = —0.190d; + 4.543.
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Fig. 5 Plot of the mean discrimination rate according to the
number of pairs used for training. Horizontal axis is the
number of pairs used for training, and vertical axis is
the mean discrimination rate. Blue solid line (Similar-
ity) indicates the result obtained by using similarity es-
timated by using 200 pairs. Red dotted line (Acoustical
Feature) indicates the result obtained by using similar-
ity estimated from acoustical features. A horizontal line
in this figure indicates the discrimination ratio obtained
in the experiment in section 3.2. It can be interpreted

as upper bound of performance of this method.
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Fig. 6 Plot of the mean absolute difference with the various
number of pairs used for training. Horizontal axis is
the number of pairs used for training. Vertical axis is
mean absolute difference between estimated tolerance
and tolerance estimated in section 3.2 over all subjects

and all trials.
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