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Feature-space Discriminative Training for
Long-term spectro-temporal Features

Takastl FUKuDA,™ OsaMu IcHIkKAwA !
and MASAFUMI NISHIMURA f!

Discriminative training of feature space using a maximum mutual informa-
tion (fMMI) objective function has been shown to yield remarkable accuracy
improvements. MFCC and dynamic features or LDA features are usually used
for discriminative feature transform to map the features into canonicalized fea-
ture space. Discriminatively trained feature space transforms are essential for
modern speech recognition but still need further improvement for low SNR con-
ditions. In this paper, we show how noise-robust long-term temporal features
can be combined with fMMI to build better discriminative models for noisy
speech. The fMMI combined with long-term temporal features achieved 6.3%
error reduction on average in low SNR environments when compared to the
short-term temporal features alone.
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