The 16th Game Programming Workshop 2011

RmEFHEi & NZ — I X BEFFRZERAWEEDIFFDH 5

hop g

oA o] B

Ak CIHREMES 2 I & U7 RHRH &7 S 2 — 18 K 245 F T ill72 - 72 O b F ORI Fi%
ZIRETD. HFORLELOHNNCE Y T )V oD RmHZRAY 5. RfmaiifE (UCB )
MREVIEERVFTHSLEZALNS. UL, EFTHoIELTE, HYRODFTHIUIM
IREHFLEEAB. T TYROF LRI N F L ZXRIT 2720, NA—=VICKB5ET
TRZFHT 2. YROFTHNITIFL00T L, BFFHORa7»IRE< R LEZLN
%. UCB NN <, /N2 = KB E T T A a7 IEIMEVE T2 T & LTHRIY 5. 22
BROFR, RNE— N K BT TN FOHRNCENTHZ T N0, MFOHRIFEORHMb

R THh-o Tz,

Estimating Quality of Go Moves
Using Positional Evaluation and Move Prediction Based on Patterns

ATSUSHI NAKANISHI'! and TEIGO NAKAMURA 2

In this paper we present a method to estimate quality of Go moves using positional evaluation and move
prediction based on patterns. We use positional evaluation value (UCT bounds) in Monte Carlo Go to esti-
mate which moves are good. The higher UCT bounds, the better the move. But the best move is not always
commented, if the move is a ordinary move. So we use move prediction based on patterns to distinguish
a good move to be commented and a ordinary move. If a move is ordinary, it is easy to guess the move
and move prediction value is high. So if a move has a high rank according to UCT bounds and a low rank
according to move prediction value, we can regard the move as a good move to be commented. As a result,
we showed that move prediction based on patterns was an effective method to estimate quality of Go moves.
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