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Development of rule emsumble method for survival data

Tosio SHIMOKAWAT! and MiTsuHIRO TsuJif2

One of the important themes in survival analysis is to explore prognoses fac-
tors that influence survival time. Recently, the tree-structured method has been
applied to evaluate covariates; however, it is well known that this method has
provides poor prediction model. This problem could be improved by modeling
many trees in a linear combination, namely, ensemble learning. The ensemble
learning method is actively studied in machine learning and statistics. In this
presentation, we extended the rule ensumble method to analyze survival data,
namely survival rule fit method (SRF method). SRF model is constructed by
Cox proportional hazard model, and weight (regression) parameters for each
rule (base learner) are estimated by lasso.
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