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Interest Extraction and User Recommendation
based on Social Bookmark

JUNKI SA1TOT! and TAkAsHT YUKAWAT!

In the present paper, as a means of extracting user interest for the purpose
of user recommendation, the authors propose a method for constructing the
hierarchy of words based on SBM tags and to emphasize characteristic word
by using this relation. Additionally, the user recommendation system based on
this interest extraction is proposed. As a result of a survey on Twitter, the
authors discovered that the tags in SBM and their hierarchy have a rich vo-
cabulary for extracting the interests of Twitter users. Moreover, experimental
results have indicated that the user recommendation system attains approxi-
mately 0.41-0.48 precision if the friend relations in SNS are also utilized as a
user preference data.
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Table 1 Contingency table of co-occurrence frequency
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