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Modular decomposition based spectrum for
protein-protein interaction network

Kentaro Inoue’, Weijiang Li'" and Hiroyuki Kurata'

Abstract: A method for the division of a protein-protein interaction (PPI) network into
functional modules is proposed, since there have been few methods for discovering
functional modules at a high speed. In this study, we develop the new spectral analysis
method that implements a power factor to identify the cluster structures of complex
networks. It can separate the PPl networks into topologically meaningful modules with
biological functions.
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MCL 1750%) 0913 1196 37 -
” 0.275 1233 a';’: o.sés 1110 123 1_83
cC 0732 1054 179 (CV=122)
1~753
SPB #1458 0.506 319 me oo 36 3
cc 0779 ggg ;g (Cv=2.49)
Spectrum 1258 0.502 33 BP 0.997 33 0 48452
MF 0.994 3B 0
(B=1.4) cC 0.999 33 o (CV=048)
(B=1) 0.436 33 BP 0.994 33 0 31~591
MF 0.984 3B 0
cc 0973 33 o (Cv=083)

BP: Biological Process MF: Molecular Function CC: Cellular Component
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