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Visualization of clusters in bio-networks

H. Tuji, M.A. Amin(*),M. Arita,H. Nishio(**), Y. Shinbo, K. Kurokawa, S. Kanaya(*)
(*) Nara Institute of Science and Technology (**) Tokyo University

Many large scale networks in biology, for example, protein-protein interaction networks or genome
networks pose many difficulties in their analysis, due to their complexity. It demands an efficient
visualizing method to allow us to analyze large scale networks. In this paper, we proposed a
visualizing method focusing cluster structure. In this work, a cluster is defined as relatively densely
connected nodes. Finally, we demonstrate that this method has potential to application in biology.
The goal of this work is to facilitate analyzing different network classes by means of visualization.
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