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In order to struct a gene network, a score-based approach is often used, where a probability
distribution is assumed. But the assumption of probability distribution prevents from finding
various kinds of dependence relationships with genes. In this research, we structed a gene
network from observed gene expression data using multiresolution independence test and
conditional independence test, which is the method proposed by Margaritis for learning
the structure of Bayesian networks without making any assumptions on the probability

distribution.
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