H o

F—

FEmiBaLE 34— 4
(2000. 12. 2D

?EiE.:f’c’f:ﬁil(,\K_

BEEOBEZ(LET IIVICEDSEA]
FEBHETTOER

Dll

X £

7L

auh

A HEiE A HEE
AR HI¥H

T 520-2194 KETHEEHKRILEEIA 1-5
Tel: 077-543-7427
E-mail: masa@arikilab.elec.ryukoku.ac.jp, ariki@rins.st.ryukoku.ac.jp

F LAHSETIE, SROBMBLETNVICEDWEEEMTICHT2MERERERETS. REFETIR
EEOBBEELETINEINT Y T ANIXLBHEMBEICENTL2EICLD, FREOLSBREEEME
MEEBLESENS, 7Y —UREFESZHEL TV, SHFORMELTF G, MIERTHIIBITS
7)—2H ?EOJIEPF‘ﬁfiiJ%E Taylor@ﬁﬁ’iﬁﬁb\é EWCEDEREALEETINTHS. T:T)W)*%ESZ M\Eﬁt/\
FA—FD1DTHBDHEEFEOEHEM, ﬁﬁiﬂﬁ&‘k&@?ﬁi%ﬁvrmé REFHEORMOI=0DIZ, 3T
%‘E@%%ﬁ@%bLé%éfﬁbxftiéﬁgﬁ%?gﬁﬁz%ﬁf;m, EIEEREICBWT, WERIETH 5 Parallel
Model Combination(PMC) & & k& {To72. £ DR, %%?m:;@, PMCEL D b B WBGE EEKEE
mEshi.

T-F MERETTOEHERE, EEEME, FFRORMALET ), WL T4VY

Speech Recognition under Non-stationary Noisy

Environments Using Signal Estimation Method Based on

Speech State Transition Model

Masakiyo Fujimoto Yasuo Ariki

Faculty of Science and Technology, Ryukoku University

1-5 Yokotani, Oe-cho, Seta, Otsu-shi, 520-2194 Japan
Tel: +81-77-543-7427
E-mail: masa@arikilab.elec.ryukoku.ac.jp, ariki@rins.st.ryukoku.ac.jp

Abstract 1 ¢his paper, we propose a non-stationary noise reduction method based on speech state transition

model. Our proposed method estimates the speech signal under non-stationary noisy environments such as
musical background by applying speech state transition model to Kalman filtering estimation. The speech
state transition model represents the state transition of speech component in non-stationary noisy speech and
is modeled by using Taylor expansion. In this model, the state transition of noise component is estimated by
using linear predictive estimation. In order to evaluate the proposed method, we carried out large vocabulary
continuous speech recognition experiments under 3 types of musics and compared the results with conven-
tionally used Parallel Model Combination(PMC) method in word accuracy rate. As a result, the proposed
method obtained word accuracy rate superior to PMC.
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