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Performance Prediction of Noisy Speech Recognition
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Abstract One approach for predicting the performance of speech recognizers using noise reduction algorithms
is to use distortion values calculated from the output speech signals of the noise reduction algorithm. This paper
focuses on the PESQ (ITU-T Recommendation P.862), the cepstrum distance and the segmental SNR as the dis-
tortion measure, and investigates the relationship between the recognition performance and the distortion value.
Recognition experiments using four noise reduction algorithms were performed on the AURORA-2J connected digit
recognition task. Also, the distortion values were calculated from the real speech and the artificial voice (ITU-T
P.50). These results confirmed that there is the strong linear relationship between the word accuracy and the PESQ
score for both the real speech and the artificial voice.
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