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Abstract

This paper presents a novel sentence extraction framework that takes into account the consecutiveness
of important sentences using a Support Vector Machine (SVM). Generally, most extractive summarizers
do not take context information into account, but do take into account the redundancy over the entire
summarization. However, there must exist relationships among the extracted sentences. Actually, we
found these relationships as consecutiveness among the sentences. We deal with this consecutiveness by
using new two features for a feature-based summarizer. Experimental results on a Corpus of Japanese
classroom Lecture Contents (CJLC) showed that our proposed method outperformed traditional meth-
ods, which did not take context information into account. We also present a way to ensure based on
MMR that no redundant summarization occurs.
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utiveness of important sentences
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[13] KEEND 4 ADFEHITED 8 HBDEHRICE
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FNADHTx—R, INF—Re%, BREFBUEIC

BRI DNAET, AFERFRICBWTERICERBIN
TWEHEBTHS. X1 KEFRBO#ETERT. &
HEBITFEH 70 2OEST, 1000 X1h5R5. 22
TX &IE, 200ms MO EERBTHBHICKY 5N
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t.amnﬁ#% 21&, SPOJUS [14] IZ & B XEAD
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BNER0, TNENEMOXBHE ENEZNES )
BLOEROX I NARN 0 EEL, 2 EDE
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ZIT, i BBREOXEFT j ZREETITHEH LA
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EROENRZMITXREAZRD DI ENTES.
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BEXQOBEGEEZZEBTO20ODOHEERBELREN,
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rdun(i) = Sim(S;, Imp), (12)
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A REEICIE, & BEETR (< fH) [25], FME, 3K
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kEER, 2BOHED—BEE, BRO—F%
ZELUTHELLEETHD, UTOXSITE
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X Se{Ref—Summaries} 2gramp s COUNtmatch(gramn)
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AR TIEI N=4 £ L, Rouge-4 ZHHAT 3.

5.2 ENRR

R I IEEBITBI S ENHERERT.

£7, feature-based ICL BEKE MMR IC X2 E
KEdT 2. RKD, feature-based I & D ELKA
MMR LD HBHENICEWHEREZRT Z ENbM 5.
ZOFERIT, XK [19] ® [6] iICBWT MMR O H 4
feature-based KD HRWEZRLTWS ZEIIK LT
WBA, ZhiE, ABITBIBHEOLFNEVEER
feature-based FEZHEAL TNWBZ &, #HH/IIX 51
RIZEDNWTIHObNTWS 20, SFPR#E=Z1—2X
ICHANTAEERDRNI EICE DD EEZSNSD.

RIT, EFEEEETIREICOVWTERT . &
B EERT 2REE U THNREEZEIEIRED
AR UEHAIE, FMEEICESX 2EEINEL,
HEVEHRBRETIRN. LAL, BINREEEES
REZERICERT2E, ARiIcksEESREZIL2ME
ALESELERREBREERA LRI OVTD
KiRFHEEOR ENR SN, ZoFBRIT, ENFK
HENEEXORZERAL, BNRENTNEZEED
EF2@ERTHIEICE - T, MEMHBNICEHN
TWaHDEEZENS.

RIZ, TEMHREZMATZHBRIIOVWTERTS.
MEMEREZWEROREICHEMTMAZBAIE, &
FRESEREEA LB E D Rouge DA EMRE S
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RRICHERAT 2 E, AMICK2EESEZLE2HERALES
BIRIFETFOMENR NN, EFBAHEHEALE
BECEMERRsNABLo /. ULOFERED, 7T
EMREZIHEDSIE<MTVAENENZIS. Zh
13, RN E<HFTWARWDS, BLLIL, TEHES
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%3 EttEE2EEULEE, BIUOLEEZZELE
RIEE A TR B OEXIER

Trn. Condition K F Rouge-4
MMR 0.342 [ 0.511 | 0.625
peknFEME 0.382 | 0.544 | 0.692
Manual | + @ 0.384 | 0.545 | 0.693
+® 0.394 | 0.552 | 0.706
+® 0.382 | 0.544 | 0.693
+0+® 0.401 | 0.558 | 0.711
+O+O®+® | 0404|0560 | 0.711
MMR 0.338 | 0.508 | 0.627
PER DTN 0.381 | 0.543 | 0.689
ASR |+ @ 0.384 | 0.545 | 0.691
+® 0.381 | 0.542 | 0.694
+® 0.380 | 0.542 | 0.694
+O+0O 0.395 | 0.553 | 0.702
+O+®@®+® 0391|0550 | 0.699
Human 0.469 | 0.597 0.695

X fEROFMIL 3.2.1 Fo2FE. ©, @, @REThThEMNRYE,
EoRKE, TERME.

DEROTVEDT, BX DEHNFHRITITHRIAED
LU THEHBTHDENZS.
RELULRNE @MRE, E0FRE TERME 2,
A0 EZBEMISH L THEYNESIDEZRET S/
WIZ, EHERBBREZERALT, BkREosZ2HEHAL
HEDEHNETF L, ERFEMHITMA TREREZME
ALEBEOBENTHEEZIERL, #ERE 10 BICLDHE
WERZTo /2. BEARE, “EZRONENRONAED
TholhEdh GEROERAMRGEINTVLD ) ?,
CBRBEFFICMIATZD (XODORNY - mhENH
RTHENEIN) " D2HTHo-. EROER, M
FHOBRIZBWT, MEAMICERRERR >N Ah>
7. AFOZEFMO L THREOEWERZERT S
Z S BOBETHS.
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ZEETZEECHHETRICBEL TR, BIHEE
&I, HATOXOHMEHERICHEISENETHY, =5
REFFEOX EEROX OB DOREEDERTHS.
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