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Abstract It is important to consider semantics for reductions of recognition errors unlike humans or
understanding meanings and contents. To accommodate these problems, Latent Semantic Analysis (LSA)
or Probabilistic LSA have been proposed. However these methods are based on Bag-of-words techniques.
For more sophisticated analysis, it needs to consider a sequence of words in a document. In this paper,
we propose the method based on Kernel PCA and Dynamic Time Alignment Kernel in order to consider
a sequence of words. Preliminary experimental results shows the proposed method can separete clearly
a sequence of right turn/left turn prots data. Moreover, experimental results of language corpus shows
the reduction of perplexity.
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