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Model Fitting of Articulated Objects
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In this paper, we present a survey report for the model fitting method to estimate 3-D
posture of articulated objects such as human body and hand. We decompose the model fit-
ting framework into the following three elements: 1) image feature, 2) model description and
parameter space for model-image matching and 3) matching function and its optimization.
From the viewpoint of these three issues, we try to compare the various methods of model
fitting to each other and summarize them. '
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