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Abstract Recently, development of vision sensors, GPS, and laser radar enables continuous detection of human positions in
various situations. On the other hand, it is important to understand information of mobility trajectory for development of
service on positions data. Therefore, in this research, we propose a new method that classify human movement patterns and
detect an abnormal behavior person, so that we understand human movement. The method consists of two phases: (i)
classification of past human trajectories and detection of an abnormal behavior person, (ii) detection of an abnormal behavior
person in real-time based on learned human trajectories patterns. We show the method can classify human trajectories patterns
and detect an abnormal person using observed data in real space. The method aims to be applied to marketing analysis, security
system with video, and so on.
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