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This paper reports a general method of the etudy in the‘sirnctureéactlvit§?i
relationship. We studied the relationship between activities ono structual
data of the drug compounds, using the multi-layer neural network
The network was supervised by the trannnng data which consisted of the activi-
ties and structural data, and trained by the backpropagation algorithms.

After learning, untraind data was analyzed by the network, i.e, the category
and correlatlon were calculated and the results were examined lt:wes'found

that the neural network had an abillty superior ln classxflcation to conven-
tional methods, and that there was a correlation between the coefficlents in

¢

the neural network and ‘those of the multl regression analysis
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1 2 3 4 1 2 3 4
26 0.793 0.211 0.208 0.796 exo 0.763 0.243 0.241 0.753 exo
27 0.048 0.951 0.952 0.049 endo 0.062 0.934 0.932 0.064 endo
28 0.953 0.048 0.046 0.953 exo 0.939 0.060 0.061 0.938 exo
29 0.016 0.984 0.984 0.018 endo 0.034 0.964 0.964 0.035 endo
30 0.991 0.008 0.008 0.991 exo 0.979 0.019 0.019 0.979 exo
31 0.738 0.259 0.261 0.744 exo* 0.692 0.302 0.299 0.692 exox*
32 0.971 0.027 0.027 0.972 exo 0.962 0.036 0.036 0.962 exo
33 0.006 0.994 0.994 0.005 endo 0.021 0.978 0.978 0.021 endo
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38 0.106 0.898 0.894 0.098 endo 0.070 0.931 '0.931 0.070 endo
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# 3

x X, X3 Xy y y(M.R) y(N.N)

53.0 153.2  43.7 10.6 92.36 92.54 92.50
34.8 120.4 27.9 10.8 75.06 75.54 75.59
47.3 135.4  37.2 9.4 81.54 81.59 81.73
47.1  135.7  34.4 7.6 78.25 78.73 78.96
56.5 146.8  41.3 11.9 86.94 87.77 88.33
57.9 149.0  44.2 10.1 89.67  88.27 88.61
43.9 131.9 34.8 10.2 81.19 80.66 80.79
25.7 107.2  20.5 11.0 69.12 68.97 68.94
68.1 156.6 57.3 9.3 93.67 94.29 94.27
57.2 145.6  46.3 10.1 88.63 88.07 88.23
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X@EmaH MiEMEk®  -0.77 . 0.94 .0.86 0.82
1 40 59 % % -0.78  0.94  0.86  0.82 (8=0.2)
Za—-3 N -0.54 0.90 0.50 0.15 (f=1.0)
Ay b2 -2
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matrix -0.61 1.00 0.74 0.16
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y (obs)  y(M.R)  y(N.N)

1 110.9 90.1 110.9

2. ..84.6 - 91.3 . . 84.6

3 81.7 82.3 81.6

4 74.5 71.0 74.6

5. -79.8  84.2 79.8 a?=«o.359
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