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Word segmentation, which segments an input sentence into words, is the most fundamental .

process of Japanese language processing. In this paper, we present a new method for segment-
ing the'input sentence into words, which is suitable for those languages that have rio delimiter
. between words, such as Japanese and Chinese. It consists of a character-based language model
and an efficient Viterbi search algorithm. First, we present a word segmentation model based
on a character-based n-gram-model, ‘which is our-basic method. Next, we improve the word
segmentation model by using a PPM*-based language model which is a variant’ of :variable
length n-gram models, instead of the character-based n-gram modgl: The effectiveness has
been confirmed by evaluation experiments using the ADD (ATR Dialogue Database) corpus.
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99.70% | 99.80% |97.65% | 98.24%

AERIZBV T, PPME7 IV ERBVIEE, X
Fn-gram BTNV EBWEALHEL T, BER
B L. REEROHEELROTDD
&E%ﬁvv&mAﬁw%ﬁf&b,ﬁﬁﬁﬁwm
BELE&T%%%ﬁi ijb’cﬁ’)-?m'c*ﬁ)%
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ATk, BRFO L) R EER TP LES S
LEWSED- OO LWHESEEF L EIREL
Too AR L TRELZEHESEER2T 5720
12, REFERBRHEEEFVEYIETLTYX
L% FVv5. ADD(ATR Dialogue Database) = —
N2 FBVIEMERT, XF n-gram TFVEHR
WAL, PPM*EF V¥ BWBADOHESS
BEOLEZ17V, PPM*EF VIC X 5 BESEE
FUEPe N BHEETHLLVIREREYEL. 2h
2y, RFEOEPUIRENIENVZ D,

AT, PPM*C €7 Vi H V2%, PPMICiX
BA LB REFTVHFRESNTYS [14]. 441, T
ZE n-gram EF VL LT, R TRV PPM* €7
NV ED PPM ICHET L EF N (7L 21, PPMD
EFN) OBREEDOEF MEADHA & DB
FHEE AT, FOYURREACHT 2HRETITF
ETH5.
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