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Abstract

This paper presents similar music retrieval that uses acoustic features and lyrics features of musical pieces. In
typical content-based music retrieval, the features of music pieces are expressed by vectors, and music pieces are
retrieved based on their similarities. When generating the features vectors, using “features that influence
impression that users receive from music” as elements improves retrieval accuracy. Therefore, in this paper, we
use lyrics features in addition to acoustic features that are extracted from music signals. Furthermore, we
estimate the efficacy of this music retrieval method by a subjective evaluation experiment.
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