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A Extraction Method of Overlapping Cluster
based on Network Structure Analysis

Makoto Takakl ,t Kencai Tamura it YasuMA Mori + and Hayme Kitak amir

In this paper, we propose a method of overlapping cluster based on network structure analysis which
improves the clustering algorithm proposed by Newman et al. Newman’s clustering algorithm is the crisp
clustering algorithm. In the proposed technique, first, we cluster the nodes using the Newman’s algorithm.
Then, we make the contraction graph which is considered a cluster as a node. In addition, we cluster the
created contraction graph by using the Newman’s clustering algorithm again and identify the overlapping
nodes. Overlapping clustering is more flexible than crisp clustering. The experimental results using the
trackback data based on blog represented efficacy of proposed technique.
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