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Environment Modeling via PCA Regression and Situated Feature Focusing

YOoICHI MOTOMURA," NIKOS VLASSIS't and BEN KROSE 1t

Robot localization problem that is the task to recognize the current position of a robot from
sensor inputs is studied. In this paper, we apply PCA regression models, and train the model
from the data set obtained experimentaly. For learning stage, the criterion based on entropy
is proposed, and we discuss the computational meaning of the criterion, and comparison with
Kullback Leibler divergence and S.Thrun’s averaged Bayesian localization error. Moreover,
in order to realize better estimation, we propose situated feature focusing, and the method

combining with local PCA regression models.
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5. Situated Feature Focusing
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