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Abstract

Aiming at short prediction of earthquake , we have proposed the use of neural networks for
analyzing telluric current data observed by VAN method. We succeeded to make train noises
be separated from telluric current data by back propagation method. In our last paper,we
proposed a telluric current data analysis method by using Learning Vector Quantization for
curent data for Matsushiro. In this paper,we will show preliminary experiment results for
categorization of telluric current data for Izu islands earthquakes.
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