FEEEA WL B 2006 —MPS—62 (15)
IPSJ SIG Technical Report 2006—BIO— 7 (15)
2006,712,721

5V FREERE LS BMEENTIVTY L0
WIE 7L DRES L UZ D

TH RBET, BR Mz, =K R,
ABAAFEAES 1 RSP T

AHRTRZY v FIEBICHSLEZ2HN GA OURIETIVERREL, ~NFukstERErE
LIBEERIC & b Z20RMEEREd 2. BREFUGEROZEN CA IDEERR, FEE
ROMEEICEIS U E T EAROELD 2 DOBREEZHRE 83D THD, YAX—AL—
TEFVEFRLTUTEERITS. SFEBROMECEEL CERFEEREBNCEL TS5
Tricky, PTOFERREREARICFATACENTES L EZ DN, FBTRERES
Vi NSGA-TLICH&HAHR, ERTFEAROBIIC X 2RERENEZFBET S LICEDREF
EOT7NVIYXLE L TOEMEERIET 5 L LIS, "NTFukitEREICBI 2 RUEERIC X
DIRBETFNVOENERRE L. BEEROER, BREFNVCRETOHNERRESARIC
FIAL, pDFd—n—~y FOBEEZBRT 5 LHTE, SBEOEBNRILVIESEESS
MR U OIERETI TN TEE L RERLE.

Discussion of Parallel Model of
Multi-Objective Genetic Algorithms on Grid

Kengo YOSHII!, Tomoyuki HIROYASU*, Mitsunori MIKI'

t Graduate Student of Engineering, Doshisha University
' Knowledge Engineering Dept., Doshisha University
¥ Undergraduate student, Doshisha University

In this paper, a parallel model of Multi-objective Genetic Algorithm supposing a hetero
calculation environment is discussed. In this parallel model, neighborhood crossover is ap-
plied to the conventional Multi-objective Genetic Algorithm. The neighborhood crossover
performs the crossover operation between individuals that are close to each other in the ob-
jective space. In the proposed model, the number of offsprings generated by neighborhood
crossover is changed dynamically adapting to the performance of the calculation resources.
Through the numerical expriments on heterogeneous computational resources, we found that
our proposed parallel model enabled to utilize the maximum performance of all calculation
resources and obtain a wider variety of individuals in the objective.
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1: Basic model of the proposed parallel EMO

% 1: Calculation Resources
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2: Execution Flow of Proposed Algorithm on
heterogeneous computational resources
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B 3: KUR: Results of Icover, Spread, and RNI
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B 4: KUR: Solution set of proposed algorithm
and original NSGAT
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72 2: Average CPU usage rate of a process in each
PC cluster
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K 5: KUR: Search history of the proposed algo-
rithm and the original NSGAII
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