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Discussion of the Evaluation Method and the Generation
Method of the Individuals for interactive Genetic Algorithm
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We utilized an interactive Genetic Algorithm (iGA) as the method to reflect the user’s taste
in the product recommendation system. By applying iGA to the recommendation system,
products that suit the user’s taste can be presented. When applying iGA to the system,
the following two points should be considered; a mechanism to reduce a user’s fatigue and
a mechanism to treat a user’s multi-modal preferences. First, we proposed an evaluation
method where the user only selects individuals that suit their taste from the presented
individuals, so that the fatigue of the user can be reduced. Secondly, we also considered
in the proposed system a method to generate and present individuals that correspond to
the user’s multi-modal preferences by applying a clustering technique. In this paper we
developed a T-shirts selection support system based on iGA with the proposed mechanisms.
Experiments were conducted to verify the effectiveness of the proposed method. From these
experiments, we found out that the proposed method was effective in reducing fatigue, and
that it was capable of presenting individuals that reflected the multi-modal taste of the user.
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