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LVQ Learning using Simplified Kohonen Network
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Considering a real-time processing on Neural Net, the hardware neuron is indispensable. In this papcr,
we adopt the Kohonen Net as a specific Neural Net which realizes feature maps through a self-organizing
process, and consider the hardware implementation of it. Since learning dominates the total behavior,
we introduce the parallel processing of LVQ (Learning Vector Quantization) algorithm and it’s hardware
into consideration. Under the restriction of the number of transistors, we propose a simplified Kohonen
Net which is modified from the Kohonen Net. We simulated it, and verified its applicability.
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