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DIXERHEATEMT 2 AOBEENTH 5. £7, Wikt
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CT Model HWE®R | HHEHZE| FME | AUROC
SSD 0.567 | 0.462 | 0.510 | 0.819

UOT RetinaNet || 0.505 | 0.572 | 0.537 | 0.801
DETR 0.506 | 0.468 | 0.486 | 0.817

Swin (B%) || 0.474 | 0.642 [0.545| 0.863

SSD 0.794 | 0.682 | 0.734 | 0.920

croT | RetinaNet || 0.714 | 0.677 | 0.695 | 0.878
DETR 0.679 | 0.828 [0.746| 0.947

Swin (£%) || 0.805 | 0.688 | 0.742 | 0.935

* 3: BFEHALTOE TV LG R

CT Model WA | HEE| FfE | AUROC
SSD 0.591 | 0.667 | 0.627 | 0.762

UOT RetinaNet || 0.750 | 0.846 [0.795| 0.810
DETR 0.815 | 0.564 | 0.667 | 0.756

Swin (%) || 0.771 | 0.692 | 0.730 | 0.795

SSD 0.854 | 0.897 | 0.875 | 0.951

CECT RetinaNet || 0.729 | 0.897 | 0.805 | 0.913
DETR 0.841 | 0.949 [0.891| 0.933

Swin (%) | 0.740 | 0.949 | 0.831 | 0.919
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