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Image Completion for Missing Region of Mokkan Fragments

by Deep Learning
Kenji Shiono (Tokyo Denki University) Wataru Ohyama (Tokyo Denki University)

Abstract: Mokkan are important materials that convey information about daily life in the past, so it is a challenge
to supplement and decipher excavated shaved mokkan. In this paper, we propose an image completion method
using a deep learning network for the missing parts of mokkan images to support the decipherment of mokkan
images. We also prove the reliability of the completed images through qualitative and quantitative evaluation
experiments.
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