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2.

Dataset Method Accuracy  F1-Score
Baseline 0.6716 0.667
Augmentation 0.7866 0.7822
ESC-50 Proposed 0.8091 0.8067
Proposed+
Augmentation 0.8525 0.8498
Baseline 0.9324 0.9382
Augmentation  0.9621 0.9648
UrbanSound8K  Proposed 0.9484 0.9513
Proposed+
Augmentation 0.9623 0.9650
Baseline 0.7774 0.7774
Augmentation  0.8550 0.8540
TUT Proposed 0.6606 0.6647
Proposed+
Augmentation 0..7901 0.7873
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