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Aimed at Recognizing the Bias Phenomenon of Recommended Videos 
Proposal of Video Genre Estimation Method 

YUTO YONEDA†1 KOJI TSUKADA†2 

Abstract: In recent years, echo chambers and filter bubbles that occur on SNS have been viewed as problems. Therefore, in this 
research, we propose a system that visualizes the tendency of videos that people usually watch by analyzing the genre and format 
of videos recommended on YouTube. By using this proposed system, we can recognize the bias of recommended videos on 
YouTube and give opportunities to avoid it, thereby contributing to the solution of echo chambers and filter bubbles. In this study, 
we evaluated the estimation accuracy using the evaluation index of machine learning and a questionnaire survey. We also evaluated 
the system as a whole through a questionnaire survey. 
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Figure 1 System configuration diagram. 
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Table 1  Learned genres, example sentences, and number of 

videos  

   

 __label__1 
 RPG  

40 

__label__2  
   

10 

__label__3  
   

30 

__label__4   
  

10 

__label__5 iPad 
 Bluetooth  

10 

__label__6  
 

 

10 

__label__7   
 

10 

__label__8  
  

 

10 

__label__9   
  

10 

 __label__10   
  

20 

 2 [8] 
Figure 2  Detailed flow of video genre estimation 
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Figure 3 Pie chart of genre estimation results 
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Table 2  Calculation results of precision, recall, and F-score 
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Table 3  Calculation results of precision, recall, and F-score 
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Table 4  Calculation results of precision, recall, and F-score 
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Table 5  Calculation results of precision, recall, and F-score 
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Table 6  Survey results on visibility and usability 
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Table 7  Survey results about height of accuracy 
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Table 8  Survey results for the entire system 
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