BERUEF MRS
IPSJ SIG Technical Report

Vo0l.2022-MBL-105 No.1
Vol1.2022-ITS-91 No.1
2022/11/16

AVA—¥B7IJVILICES
BE2EXRTSy b7 +—LOHZE

KN AL

W R 2P

BE . AvI4rv-a3azbr—>ary - P—bABEKL, KEPBFHZHOTHATOANEEINZ Z
DHREL 2D, HOFATHETEZRENAD o TS, Lo, BEZHEOERTAEWVZEDEL,

RKDOBECEEZFIHF LEZHEOMEFITKD

B REELY. 20D, SOBETICHELIEX Y

X—%BOFHITHERPRD b E. AT, HEFEREZEHETALRHTE2HME SNS 77 v b
T A—LEHEL, ZIRERINZTFRNPEBGED SV ORMEEMHL T, 2—¥BRMONE
IFEBE RO N2 A X — LTHIE T3 713 XARIRET 5. MIEED A VoN— 8§ ZITHE SNS
ASMLTD BV, T—FIRAOEFEBE RO A EHET 2HEBET o7, BEFHRCEE,
TUZEBRERBRICNZ 2 22T, 2—VFOBENRREEEZMHETE, X5 ICRMOBFHERD X

R—ZHETE LR D S 2L MIT L.

F—U—RHOEE, XVX-HHA, <y FIITATY XL

Self-actualization Platform Applying Personalized Mentor Discovery Algorithms

TOMOAKI OHKAWA'® TAKAYASU YAMAGUCHI!2:P

Abstract: With the spread of online communication services, connecting with people worldwide has become more
accessible. As a result, people can learn and grow by themselves. However, finding a mentor who can help with
self-actualization can be difficult. Thus, a methodology to find the “perfect mentors” is required. In this paper, we
created a new social networking platform for self-actualization, which extracts user features from texts and images, to
recommend mentors based on latent preference domains. Our experiment shows that adding expressive interpretations
generated from images would improve the system’s recommendation of mentors based on latent preferences.
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