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depth=1 17.10% 16.00%
depth=2 24.35% 7.30%
depth=3 6.50% 4.80%
depth=4 6.20% 8.80%
depth=5 6.20% 2.50%
Minimax depth=6 9.90% 2.50%
depth=7 10.30% 2.90%
depth=8 11.50% 3.20%
depth=9 10.80% 0.50%
depth=10 12.60% 4.20%
depth=11 10.60% 0.10%

depth=12 11.20% 0.30%
maxQValue  8.90% 9.50%
Q-Learning minQVvalue 79.70% 64.90%
selectQvalue  49.60%  43.60%
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