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Evaluation of Feature Importance in Game States

Fusit Satorut®

Abstract: There has been a lot of successful research about finding the strong strategy in games, but their
methods can’t explain their strategies to humans. State-space abstraction is a technique widely applied to
approximate optimal policies in large games. In this paper, however, we propose a method to evaluate the
importance of features in game states via state-space abstraction. We present experimental results which
shows this analysis allows us to understand the game and improve our decisions.
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