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A Study on Conditioning for Move Restriction Rules
in Reinforcement Learning for Computer Go

TANIDA MAsAsHI ODA RyoHEl FuJitA GEN

Abstract: In perfect information games, it is known that a learning method in which reinforcement learning
is repeated from a state of no learning using only the game rules is effective, and AlphaZero is a representative
example. However, when this method is applied to computer Go, especially in the early stages of learning,
there are cases where the players repeatedly make disadvantageous moves, such as moves that reduce their
own liberties, and as a result, they end up taking stones from each other. Such low quality training data in
the early stages of learning is thought to have a negative impact on learning efficiency. To solve this prob-
lem, the authors proposed a method to improve the learning efficiency in the early stage of reinforcement
learning by adding a rule that no move should be made with less than two liberties in a self-playing game.
However, there is a problem that it is sometimes better to make moves that reduce the liberties in a game
of Go. Therefore, in this paper, we propose a method to enable moves to reduce the liberties with certain
conditionalization.
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