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Low Energy Inference of Spiking Neural Network via Bayseian Fusion

YuTto AKAGIH®  HIROMITSU AWANO?:P)

Abstract: Spiking neural networks (SNNs) have attracted much attention due to their high energy efficiency.
However, since general SNNs represent information by spike firing frequency, they require a certain period of
sampling time, and there is still a room for improvement. In this study, we further reduce the sampling time
and save energy by obtaining the early prediction results from the middle layer of the network and Bayesian
integration with the prediction results of the final layer. In the image classification task for Cifar-100, we
have shown that by applying the proposed method to the ResNet18-based network, an energy reduction of

51.5% can be achieved.
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2.2 Spiking Neural Network (SNN)
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