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Estimating Concrete Interior using a 3D-CNN
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Abstract: In recent years, the aging of concrete infrastructure constructed during the period of rapid economic growth has
become a serious problem. It is necessary to automate the inspections that are currently performed manually by inspectors to
enable fast and safe maintenance activities. In this paper, we propose a method for estimating the cavity content by combining
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the laser remote sensing method, which is one of the methods for detecting internal defects, and 3D-CNN.

Keywords: Concrete, Laser remote sensing method, 3D-CNN, Interior estimation
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Figure 2 Waveform of vibration.
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Figure 3 Specimen for reference experiment.
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Table 1  Concrete Properties
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Figure 4  Specimen Model.
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