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Stock prediction with BERT and LSTM
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Abstract: Stock investors use technical analysis and fundamental analysis when selecting stocks to buy or
sell. Technical analysis selects stocks by analyzing the average price of past stock prices, highs and lows,
and other data. Fundamental analysis selects stocks by analyzing information from financial statements and
unstructured data such as news. The selection of trading stocks based on textual information such as news
is called news analysis. In this study, we use a combination of news analysis and technical analysis to predict
stock prices. We combine stock price data and news embedded expressions into time-series data, and input
them into LSTM to make forecasts. The news embeddings are acquired by inputting them into BERT. In our
analysis, we were not able to predict stock prices in a practical way. The possible reasons are that the stock
prices of individual stocks are affected more by the business conditions of the stock market as a whole than
by the news, and that the period of time over which the news affects the stock market varies and requires a
longer time series analysis.
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Table 1 Comparison of Mean Squared Error between pre-

dicted and actual stock prices for various models

4 LSTM @& BERT & LSTM MSE # /iR
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