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An Attempt to Threat Alert Screening from IDS Data
using Salesforce Einstein Analytics

Abstract: Recent years,information infrastructure has been improved, and an environment in which net-
works can be accessed regardless of space or time has been established. On the other hand, the number
of unauthorized communications that abuse information infrastructure is increasing. Therefore, it is essen-
tial to analyze threat alerts obtained from protection devices such as intrusion detection systems (IDS).
Currenty,IDS data analysis has been performed on-premises due to concerns about data volume and data
security. However, due to the issue of convenience, analysis in cloud applications is required. Therefore, in
the proposed system of this research, visualization of IDS data and detection of outlier range are analyzed
by cloud applications. In this research, in order to consider security, the analysis of IDS data performed
on-premises is characterized by processing the IDS data in advance and then analyzing it with a cloud ap-
plication. The feature of the proposed system is that the item statistical matrix and the dummy variable
matrix are converted and the analysis data is automatically generated.In addition, one of the features is to
analyze the created data set with a cloud application. We were able to calculate and visualize the outlier
range with a cloud application for screening threat alerts from IDS data using the proposed system. Report
the results.
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Salesforce % Web 7 7V or— a YHBICHWS.

Salesforce & Web 7 7V r— a YHBICHNWSE Z &
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Analytics Unit” T® 4. “Cloud Application Unit” & T
“Cloud Analytics Unit” T, KERZIAIHAL, HEAIRRO
HEEERE, 772%21) 7, BIRSHCEHiizTS.
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WRIZ, RET—XTHE5ETH, 7739V RT7 TV r—
T a Y THMAAIEEL 72 5. AT, Salesforce Einstein
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2. {EREAZFE
2.1 RBABRMCEERMICEATBHME

B 77— Mi2iE, TCP SYN Flood ® & 5 KED S
Fv MEREELT, BED0axrya VHELERETS
DoS W% 2] ¥ 3d b, RABFNLEERAIZ L O
ZHINC, BE L OMEIMTHOAT WS [3][4]. ERIFA
WCBI2BET 7 — POMEAER, IRAZ-AMPL R
WRANCKBI STV 5. I A2—2MHIE, RIE7 2
TADRR =V PEFEINT VDT —EN—RBELT
HRlF 2HETHD 5], BEMAN, MENERAITH 7%
WEARR =V ZHOPITT 2 HETH 2. BEFMSE [5] 12
B 2EREDOERZ, EFERARXZ—VIZEE LRV ARIX—
VTHBHEERELTVS.

AWFZETIE, IDS 77— b7 — &5 5 OREEFEE B
ELTW3. IDS 77— b7 =& 0 RE M3 2 A
W7z 7k e LT, SMUER, Zbrtll, BEEEA
Mt Y 23% b [6], FIE L BIEZBRZ 7 6 BE 2 Hl
TEERLLTORA~Y - BT Y VIRERDDH S [6]. %
7o, IEBIASRZES M, RO MR T, BREHEY
HIWT 3 2 N4 XPUER] [6] S, v — YRA(GEFIER Y
DFEDDH 3 [6).

%3 HNCTRIE T 2723, BRI AT AT, BEMIEZ
Bz, KRV %E w2 St, Kmeans =AW
TN NEDRH, NMF 2w BEESA MR 24 5.

2.2 IDSDOARYFI—UT—2ty MZETIHE
IDS ¥, BEBRHREBEZEHTLISATLTHS.
IDS B2 77— bodni, R IDS Y 27 412813
S LT, MREi»SThbRTER [7)[8]). MIEIcBWT
&, IDS ¥ A7 ADWBITHEPHATAF ¥ V2, 2D
WFZErfThbh TS [9][10]. —fic, IDS 7—&1, HHH%
WNEBDBEIHERE &M 7 — & v LTI b Tw
5. WwZIZ, IDS BT 25X, MO 7 — & 05H
BHINTEH, UNSW-NBI5[11] BED, XvF~v—7H
DF—x e LTI TWS. BRI, UNSW-NB15
ZRWRICIE, SRR, T2V
PERERTE, LLie &% < ORFZEMThI T\ 5 [12][13][14].
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bhtwnws., ZhX, 729877V —2 3T, IDS
F—REWOWS 2%, X2V T4 RYVERE TS
ML w0 Ths. LirL, HETIE, EEY
BT, 29U RT7 TV =2 arPpBErIhsdik
MBI TER., 2D, IDST—XEZI5V K7 7Y
r—ayTr—XEEETY, A, BEWEEReT
ST AL, FEEOBE TEELFETDH S, Aif
eI, IDS F—RICRLT, X2V T 4 R—2ADEH
W ZITD, M7 — X2 e LTRDIbATWS 7 —&
B OSURT IV —Yay ETHT 32 BiRAT.
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3. R’EE

ARIFFETIX, Salesforce Einstein Analytics ZHWT, 2
SYR7 TV r—>av bT, IDST—XOBRBT 7—
FDORZ Y ==y TRiRAD. RIFFRORETH 2R
AT bLDOWE %, 3ITRT.

Oracle
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DS Alar\ data

Dumm Var able NMF
DataA alyss y _ﬁ Processing
Kmeans
Processing
Machine Learning
Processing Unit

Unit Time Countmg
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Cloud Application Unit Cloud Analytics Unit

B 1 2% AT LOME
M3 DIR_BS AT LATE, AV TV IADT—HR—2

WS TWE 7 -2 %, W27y 72NLT, 77

URTZ TV = a VITKENATRER T — RIS L TW»

5. MRIATLAZBI BN T v TRUEFKEL=y bD
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Step 1. Data Set Generation Unit
HEED BARREF 21T, &I —ZBLUs Kk
HEMGEHLIE Z FWT, WERIID T 21T 5 0 7 — &
ty b EEERT 5. F31HICTRT

Step 2. Machine Learning Processing Unit
BEIER L7207 -2ty b6, BEWEE 7L
TV XLEHWT, HREELHEZITS. 5 3.2 Hilc
TRY.

Step 3. Cloud Application Unit
HEIER SN 2T =&ty M ROEREELE S
HR%, Network Connection 247 LT, 77V K77
Vo —a @i T 5. B33 EHCTRT

Step 4. Cloud Analytics Unit
IO RT7 TN r—ya icEELET—RIIRL
T, AIfENMTETY Y7703 X n 2R LD
zi75. 3.4 8T TRT.

RIFFETIE, LECD Stepl 25 Step2 %, > FL I R
fici¥y2s2ZeT, 29V K7 TV r—>a vy ETO

IDS 7 — X DHricalRE L L 7z.

3.1 Data Set Generation Unit

RBES AT L THHT—&ZEy NEHIERT 22=v
FEBIAT 5. AT, TEUIIRT 2O T—
&h/b%@ﬁ?é
(1) %=

(2) JHHEBEHTSI (result of a statistics calculator)

— 25T (result of dummy variable conversion)
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I —ERATANE, XOTHIEE W7 7 — MEHIcH
W5, HEREHMTINE, ReRIENE 72 A% ) > 7ICH
WHNb, AR TIE, BEIER T 2097 — Xty ME,
IDS 7 — & % BANIRF I & L IR L TR S 5. it
2 BANTRERTAY 20 9 CTH 2 H5E0H %2R (1) KU (4) 1R
T ET, X I-ZRATH TN BT B BIELE IO W
T, & (1) Bk (3) IR

Time “port” _53 “port” 443 ]
2020/01/0100 : 00 : 00 1 0 1
2020/01/0100 : 20 : 00 0 1 0
2020/01/0100 : 40 : 00 0 0 0

_2020/12/3123:40:00 0 1 ]
) - \ (1)
R (1) O X I —ZRITING, 2 3 —ZRICIIE DT,

IDS HEMED A 7 3V —ZBUEE, BUETY]T — 21
TAHIETEREINDG. &I —ZHLIEX IDSEEZ
WETSR, (1), &I -—ZHLEE2R-+EBIC
ﬁbf HHRLZGE B 2EROBITHS. —FHT,

—ZHEALEX, IDS THH OEIC—EOENZ WS,
ﬁ%;@&%f, EWTERVIGEENHZ. ZIT, Kif
FETWI AN BT 2 B2 RE L. 20Uz
ECHIW 3 2 T2 @b L= REE2 R (2) UK (3) 12
NI

X = [331,1'2~-~x1v] (2)

{um’que(:}ci) <=Threshold, x; € Set L0
TN = 3

unique(x;) >Threshold,  x; € Set L1

R (2 T, ANT—XZBIFBI2ANEBEIZ (i =
N) T, ANT—=%% (21,29,..7n) EEFEL. F

7z, REB) BT RHEZ~ME (L0  LLIE L1) &&E
FL HHCBI2HOoZ=—JEZEHT 2H4%
unique(ry) ERLTWS. LhoT, KZEICBIT 3
ZHIETIE, R (2) RO 3) 226, AT —XIIBIT
ZANEHO == 2 fED, BEZER LG, ¥I-—Z
BACAEZ TR WHIE 7 LR RRE L.

INETOMET, XI—ZBULE T 3R, UWHD
FHAIG %, BETHETS 2 U EEM L 58 0B
PRENTWVS [16]. K (3) 1B 2RIMHEIE, FHHEMED X

BVABRTHRESND. &I —ZHYLAHETE, HE I
VA L0 ERGE LT IDS HED, ZHNR e S 3.3 i
Z/ LT, Salesforce 1AM L C, FHMICHEHT 2.

xiz, HEBEHMTIIZX (4) 1RT. X (4) oIHEHEHET
751, IDSJHH Z 1T “count”, “unique” NN “freq” D
SEHEOEZFHAEL TERT 5.
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Time “count”  “unique’  “freq”]
2020/01/0100 : 00 : 00 51 16 21
2020/01/0100 : 20 : 00 53 18 22
2020/01/0100 : 40 : 00 55 20 23

12020/12/31 23 : 40 : 00 54 19 24 |
()

“count” JHE X, HEHHEMRFEICBT 2HBEN S EN
2La—FOBETH . “unique” TH B IXEFH BN IR
B A2HBEO L= THS. “freq” THEIE, 58
FHEMRRICBI 2HEBED 55, &bl a— FHEELZ
PoZHEBEDOL a— RMEETH 5. RISETHINRE
33 IDSIEHIZ, 43T, %BRT3.

3.2 Machine Learning Processing Unit

BEIENR L7 — &2ty MTHEMEE 7103 ) X L%
M3 2a=y AT 2. APIRICE T Y 71
Y ZLTIE, FEEZRT LI XKV FTRARY ¥
ITNTY XLV DE. FT—Zty ME, #3.1HICT
RUL7R (1) 0 I —ZBATHIR O (4) DIHB#HEHTS
POERT =2ty FEHWS. FHEAERE 7 L) X

L ENGATHI O AGOEEZR 1 ITRT.
£ 1 713) XL eWHETHOMAEDHE

P 75 7 IIARY VT HEEAH
%= RN Non-Negative Matrix Mini Batch K-Means
Factorization(NMF)
HRATH X (1) £ 3I—28I7H | K (4) HEBEHTH

AFFRITBT 2, FEELHR T VY X003, FFAET
HIKF 57 (Non-Negative Matrix Factorization : NMF)
ZERALTED, ZNBErEEZERENTHW . K
BT 5 NMF OALEMNIT72A3, AW TIE, NMF 135
HEHRH T 27200, 77— MOEEEZH B K UIAHL
TAHZeEHMNELTWS. LHrL, 77— FTF—&IE,
ERNZEEEZHT Z L ARELGEIZ V. —HT,
NMF ORJEIZ BT 2 EAMNIFREEIL, 2B T 5
FHICAERIIEDIREINT WS [15]. W21, EA TR
ErEEErARL, HEEDOSAOELRY, EEEIC
ZALDBNTZHE, ZOFRBUED & EEADEEE % 7
it T, 77— MEHADERAZRAT.

7SRRI 7Y X LI2IE, Mini Batch KMeans
ZHRA L7z, K-means O FHEN SATHNEIH B #5751 T
»%. Kmeans 3 HHME 7L TY XA TH3H, Mini
Batch KMeans (&, Kmeans D XY T— a3 > D—DTH
5. AWHETIE, 7T-XIEFIIREREIZGENTVS
BE, FOEZFOHBEHDZ A2 I2E DY THNS
ks, RETE, 77ARY) ¥ 7k BEEBEE O
flilz FlW7=. Mini Batch KMeans (&, FIERME % HiED
TRZ2REDX )y b D 5.
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3.3 Cloud Application Unit
AW, EAEHLRYER LoREE»S, 25
K77V 75— a i, Salesforce W3, ARIFZFRICE
%, Salesforce EHENBEOBE ® TR .
RES X T LICHT S Salesforce FREDHE
(1) User Interface : Lightning Experience
(2) Database Table : Custom Object
(3) Network Connection : Monitoring Async Api Jobs
(4) Implementation : salesforce-bulk library
(5) Salesforce Edition : Developer Edition
Salesforce l&, 77V R7 VY r—ayiEZhn, 759K
BOF—RZR=AL LT, 7T—ER—AD LK@ —
R BHTES., ¥, AVE—Tz2—R%T75v  TY
434t $ 32 ¥, REST API, SOAP API % Y{EE D
HHEZIEE LT, APLEET 2 T%, HREIYZ
7= X OEMEHIC L MA RO, FEEOFHTICOWT
X, BREERFF 2 XY FEBEICINEZVS,
3.4 Cloud Analytics Unit
AWFFETIE, FBEFHRICEIT S Cloud Analytics Unit 12
Salesforce Einstein Analytics Z i L 7z. Salesforce Ein-
stein Analytics 1%, BFHERBETIIHRE RoTVW RV L
5, FHMfiZEERTlX, Einstein Analytics Plus 7 A > &
WER L o TW3 Salesforce iz FWVWT W3,
AT, 3.1 HINOHE 32 MITHRONLMRE
Salesforce IZA&M L CRIMAIL S 2 Z & T, EB EOF@EN:
WG L7z, 79— R 2 V==V T DFIERED, R
BT ERDINE, fFRT— X%ty b ROEBEE T
N3 XL DFER% Salesforce Einstein Analytics TR
{bZi Az, MAT, RS TIX, Einstein Discovery %
AuWwzBlgEath T ot ziksa 2. BRI CHEHALZ
Einstein Discovery DT DFRENAIE, TFLD@EDY TH 5.
BR824 %175 Einstein Discovery DiRE
Story Goal :Minimize
Story Type :Insights & Predictions
Story Settings :Correlation Top 10 Item Selection
Algorithm :Generalized linear model(GLM)

—_— — — —

(1
(2
(3
(4
4. E&
4.1 Experiments Environment

AL T, Python & Salesforce T5E2E LT, Mgt ULIX
74 771D “pandas”, WHFE 7 L) XLET74 75
U @ “scikit-learn” THE L7z, AWFLICE T % Salesforce
& @ Network Connection D #7225, Heroku A3 github
TRELTWS Z4 75 VD salesforce-bulk*® %/ L 7258
#T, T-XO—fEHAAAY a THRERHERAL TV 3.

*2 Salesforce Developers : https://developer.salesforce.com
*3 heroku - salesforce-bulk :
https://github.com/heroku/salesforce-bulk
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BFoA4 7203 20T, FllRiRErEHRTA L
724, 51T Salesforce ¥ HEH#ENITZ 5. Salesforce DT
5 4 ¥ a X, Developer Edition # W TH D, i
B%% 1T o 7= If . Salesforce DoN— 3 a > 1%, Salesforce
Summer 20 TH 5. KRFFKOFHIERNRE LT, HHEE
WSRO LAN T 20174 1 A 1 H2 5 2017 410 A 31
HEToD 10 » AR Sz IDS F— & 2wz, &
7 — &% 4 X3 83.3GB T, &FMENZ 131,888,915 T
H3. ARETE, ZIHh56 1 HHMHET 2 20174 1
HoF—2%2HH LT, FHMliEEEZIT-7=. BET 77— b
WS 2 EARZ D, BT — X TEME S 2 AR R <,
AR 7 L) ZLEFWT, IDS 77— XKW 5,
HEENSHIT 2 RN EBHT 7 — T ELRRE L
THIWTL 7.

¥/, AT, BEFEZHWFEFERT, IDS
HHZERLTW2. IDSHHOBEIUEHZ, 77— M,
Jua bk arll, EEITAR—- M, EEER- M, EET
IP £, EEHRIPREMFHL]:. T, &3 —ZHUHE
THW 2 BIEOMICIE, 20,000 238 L. AIZETIE,
IDS 7 —&Z D&%, Oracle Database TfT - 7=.** Oracle
Database D N— 3 i&, Oracle Databasel9c TH 5.
4.2 Salesforce Einstein Analytics % B 7=5Ffi5 %

AHFETIE, Salesforce Einstein Analytics %\ T, IDS
77— T=&00, BET 77— NOFHliEITS. RS
B RBEET 7 — b OFHEi A EE TR .

BR7 75— hOFHESE

1) RERAN 7 — 2 AL - FEEH T2 & O BEAEM
2) NMF At - BHATE0: & D551 BEMH
3) Kmeans 7 7 A& 1 > 2 - Kmeans &R DAL
4) B 7 — MHRIHO R EEFEHHO R
(1), (3) Rtr(4)1z, HEHEHMTINZHWFHETD 5.
(1) 1%, Salesforce Einstein Analytics TR {3 5. (3)
1%, Kmeans %@ LT, Salesforce LIZTRI#ULT 3. (4)
&, Salesforce Einstein Analytics @ Einstein Discovery T
BHT 2. (2)1F, & I-ZBIATINCH LT, NMF % i#
LT, REBITINCER LT, M2 RTEEZ LT
SR TH 5. FiEzRTEEIHL 2L RAER
WA, X I—ZEATHIOREEHS, NMF1E20 02212
HALT, EREUEERZEHLTVWS. w2, F—X
TP OE—HETH 205 WVWo T, BH XN HEITHERE
THATERWV., L7doT, m0REHEOHMDAT
L7, NMF &, @ANRCBT 2, BT 04R
Fut RIS CT, TeMEEREENRR L. 22T, AWK
Tl&, NMF 2 20 7 Z AL TWa Z e hs, BT
FIDER T vt 2B B - 72551, HRERZBWT,
BERIRETH 2 Il LT, BEERINER- L.

o~ o~ o~ —

*4 Oracle Developer : https://developer.oracle.com/databases/
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5. EFfi - Salesforce Einstein Analytics
AFETIE, 77— RZ V==V 7%475. 1AM
DO 7 — 2 %% 8,430,462 TH 5. ELI-HEEH
WT, 20 pHETHRAMARBENDOSE, L a— Fofkiuc
BIfR72< 31 HT 2232 £ 2%, LA -T, {RETFIEOME
B, 8,430,462 fED L 3 — KA, 2232 fED L 3 — FICHER
ENBZreRnb. WRIZ, 77— MIT, BEENIZHK
HIST 2 X5 hHK%2, BET 79— bdHo/ze LTHKR
ZREST 20BN 3256, WE7 7 — MWD 90 %
HIRTZ 2 Z LIt 55, R, BESRTL%E, R
IV ==V T IRBHNWBE I N TELLER 5.
REETIX, Salesforce Einstein Analytics ZFH\WT, K&
DIDS 7 =& EXMFIZ, 77— b7 — XL NE LM
RERYT. HERY 79— F—XOHWHIEIIBWTIE,
REBERCTHZANL IRV, 25XV VY, BE
FEFHETH 5.

5.1 BRRIT—% 781k

Salesforce Einstein Analytics #FHW\WT, 77— F 7 —%
2L LR 2K 2 2026M 7 2RT. K2206K 70
AR, 56 3.1 fiicB i 3\ 4 oIEBERETY R H
WTW3., K237 7 — MHEORRLERTH 5. [k
2, K31, JahanEl, K410, sETIP JEE,
513, FER— MEH, K613, FELRIPHE, K713,
EELER—-THEBOFHULAERTDH 5.

X2 55K 7128 2HEEMIEAIRE RO L a3 — A
THY, W, 77— AR RINLHNTHS. X2
&, 77— MHEOADRFILHERTH 2. M3H»6M7
WZOWTIE, HEHORMEHMTIID A LE N TED, k&
PL=— 7 RIEEHDO L a2 — P (unique), HERDIRIAE
HHOVa— M, TERPEHEHO L 32— R (count)
ZRLTWVWS.

Time Series Graph (Record Count)

® 2 Time Series of Record Count

M22oR 766K 51T, RERINCET 5 A%
A 7R A Y IDEHULIN TR Z e bh 5. fERPS,
RERHI 7 — X & - T, IDS F—RIZBI 3 EH ML
FEENEHOD RIS, BT 7— bR
V-2V 7B ORMELEASHS P Eo T &
77 7B T B DELFEAERITONVTIZEIET 5.
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5.2 NMF A1k

KL, A>TV IZATNMF 713 ) Xaz2@EALT,
Salesforce T, AL L 7Z/EREZR 8 225X 10 IT/RT.
NMF TOFHiE, &I —ZEAT5%2 XTHlk L T, &4
ETHREBEOAFZEE LEREZAVCTVS. K813,
HFHTOEFERTHZ. ISOLEMMB T TF747 R
TOFf, K8 DAMIET 1 2L TOIEFERTH 3.
eI H, SIS EEOGFHEZEN LT, —AH DK
HHbH I —HOEEOAFHEZBALERTH L. K9
MUK 10, 15 A% 20 50 Z 2 i2r b LA HRTH
3. M9OWR7 7547 ATOIME, M10E7a ran
TOFHIFERTH 5. X 8 1281 % Hih © [k T,
BEEOAHEEZEHLT, —HOREDEHELS,
5=/ OREOGFHEZBE LR TH 5. il HEF
TH53.

NMF TOiHfilk, BHFTAIDER 7 vt 21 Z{bhd -
G EORENCHWT WS, [HA 0 1BV IC B EE Y

Time Series Graph (Protocol)

4 Time Series of Source IP HELTWS., FRIEE, 0I1SEWEBIEI WL D28 HlT %
EMTERLIEDS, BHNTIIOLER T vt 2122 LA
Time Series Graph (Source Port) @ 6 E %ﬁ%ﬂ?— 6 : Z 7‘7)3‘—'6‘ % 7‘: .

MM
i | A b b

“ \ NME Dim Divergence(Day Comparison)
" H| | ‘

ST ,.ﬂ,ﬂ,».ﬂ,, AN

o EREA

5 Time Series of Source Port

Time Series Graph (Destination IP)

3 dl hﬂh| Ly o -

§ ‘\JILH| muﬂh ‘ Ll

SRR

8 NMF Result of Day Comparison

® 6 Time Series of Destination IP

Time Series Graph (Destination Port)

§ s BE. E8

K 7 Time Series of Destination Port

et

LI L o

K 10 NMF Result of Protocol
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7. §Hf - Einstein Discovery
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#F 2 List of GLM Prediction Error Results

No. Item Name MSE RMSE MAE
1 Record Count 33403329.44 5770.6549 1734.9961
2 Protocol Count 34199420.74 5841.9721 1220.5034
3 Protocol Freq 34920580.93 5900.6848 1222.6577
4 Protocol Unique 0.0248 0.1574 0.0345
5 Source IP Count 34443096.8 5863.241 1238.5398
6 Source IP Freq 52885685.58 7213.4207 1867.088
7 Source IP Unique 1262.5093 35.5132 26.9235
8 Source Port Count 34147036.8 5838.4361 1245.2302
9 Source Port Freq 51187811.37 7081.3119 1904.2308
10 Source Port Unique 623449.228 774.2855 229.0845
11 Destination IP Count 34395426.67 5859.416 1236.2735
12 Destination IP Freq 1674.3328 40.8974 24.6805
13 Destination IP Unique 24877401.2 4959.7104 1135.9258
14 Destination Port Count 34239233.82 5845.4957 1223.6159
15 Destination Port Freq 34573648.16 5870.0788 1217.0179
16 Destination Port Unique 816.0953 28.5578 21.4796
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iz, EEEHEARN AR ER 3RS
& 3 List of GLM Model Evaluation Results

No. Item Name Non Outlier R2 AIC
Range

1 Record Count 55 - 51,020 0.6153 | 11254.8597
2 Protocol Count 31 - 50,390 0.5993 582754.9477
3 Protocol Freq 14 - 49,650 0.5847 | 629296.0062
4 Protocol Unique 3.207 - 4.791 0.0076 4363.7671
5 Source IP Count 50 - 50,910 0.5963 576903.0624
6 Source IP Freq 4 - 47,050 0.3328 1356492.506
7 Source IP Unique - 0.862 6001.2395
8 Source Port Count 32 - 50,450 0.5999 583310.0516
9 Source Port Freq 7 - 44,070 0.2572 1708604.324
10 Source Port Freq 20 - 6,163 0.4682 120499.6511
11 Destination IP Count 48 - 50,800 0.597 577593.9073
12 Destination IP Freq - 0.7328 | 11434.8733
13 Destination IP Unique 34 - 45,430 0.6485 | 504956.7761
14 Destination Port Count 32 - 50,480 0.5987 | 582290.1856
15 Destination Port Freq 6 - 49,280 0.5896 | 634706.1751
16 Destination Port Unique 19 - 523.8 0.8011 5662.9945
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