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Extended Bayesian Classifier with Subjective Evaluation
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Abstract: Deep learning and statistical inference, which are used in machine learning, are used to estimate
authentication and recognition of information security. A large amount of data is used to improve the accu-
racy of inference. However, the accuracy could not be improved in the case where only a small amount of data
was obtained. In statistical causal inference, it is known that the mutual relations of random variables can
be closely examined by a probabilistic graphical model (hereinafter, PGM). The authors propose a method
for improving accuracy by adding subjective evaluation data to existing data. Subjective evaluation data is
added as a new random variable. In this paper, we derive and consider an extended formula of Bayesian
classifier that adds a random variable of subjective evaluation.
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