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Relighting of Full-Body Human Images
with Non-Diffuse Reflective Components

Abstract: An existing technique enables the relighting of full-body human images via estimation of the
shape, reflectance, and illumination using neural networks. However, it cannot handle non-diffuse reflective
components because its training dataset is synthesized from mostly diffuse-only commercial 3D human mod-
els. In this paper, we propose a method for integrating non-diffuse reflective components into the relighting
pipeline. Our key idea is to add another neural network for learning the differences between photographs
and diffuse-only reconstruction by the existing technique. By adding the difference on top of the diffuse-
only reconstruction, we demonstrate that our method accomplishes more realistic relighting with non-diffuse
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