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OS SUSE Linux Enterprise Server 12 SP2
CPU Intel Xeon E5-2680 V4 Processor X 2 (28 cores)
memory | DDR4-2400 ECC REG DIMM X 8 (256GiB)
GPU NVIDIA Tesla P100 X 4
Storage | Intel NVMe SSD (2TB)
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KRBT — 21281 2 WERERHIT T, > AT LD AN
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Center for Biotechnology Information ®$2£9 % nr(non-
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Ehcwz 7 BEloavrsyarycths, i,
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(1) bzip2 THEMiIN TV L7V 7 7 A VE2fEHEL,
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774 VM7 D 850,000 ¥ — 4 v RIS B X D 124y
(nrlx 18 7 7 A Mz #EI L, GHOSTZ-GPU IZ k>
TDBIZELF)

(2)179 /= Fic7 ) %7 v AR ELE (HEFICEH D
YTO) L, DBIZLTIF 18 7 7 A VZNZFHUTK L
THEEZ 10 TR (&2 —Foua—A LA L=
I DB 2RS¥ %)

(3) BB AT LI X 2MHEAMERE AT v 7 (GHOSTZ-
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(4) % GHOSTZ-GPU D NHEIR 7 7 A V2, 774V
SEETD 7 1) AL THERY
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ALK 10,024 9380) MEHICHH [ PE R SR 235 17
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