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Mean Shift-based Point Feature Tracking Using SIFT

Yuist Tsubukl, ! HiIrRoNoBU FusryosHit! and TAKEO KANADE'?

The Kanade-Lucas-Tomasi feature tracker algorithm for point feature tracking is widely
used because it is fast; however, it is sometimes fails to accurately track non-rigid objects
such as pedestrians. We have developod a method of point feature tracking using a scale
invariant feature transform (SIFT). Our approach uses mean-shift searching to track a point
based on the information obtained by a SIFT. Since a SIFT feature is invariant to changes
caused by rotation, scaling, and illumination, we can obtain a beter tracking performance
than that of a conventional approach. Using the trajectory of the points obtained by our
method, it is possible to visualize traffic pedestrian traffic flow.
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Fig.2 Weighted orientation histogram.
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Fig.3 Keypoint descriptor.
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Fig.4 Process of keypoint tracking using an image sequence.
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Fig.5 Tracking example of location and scale.
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