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Improving k-NN Method by Modifying Class Labels of Neighbors
Based on Their Adjacency Structures
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procedure KMENSWITHLABELMODIFICATION(D, k, q):

[Input] D: a set of objects with class labels in CL = {C1, ...

7Cn}-

k: an integer for k-nearest neighbors.

q: a query object without class label.

[Predict]: a class label of g.
begin

if there exists an object € D such that dist(¢,z) = 0 then

return label(z);
endif

kNN < k-nearest neighbors of ¢ in D;

dmaz = mawakNN{diSt(q’ IE)},

L =0; // as a multi-set
for each p € kNN

create p-ego network Gego = (V, E), where
V ={z € D | dist(p,z) < dmaz} and
E={(z,y) | z,y €V and dist(z,y) < dmaz}-

Q < MAXIMALCLIQUES(Gego);
L-label = 0; // as a multi-set

for each Q € Q

label@ = majority({label(z)}zcq); // as l-label(Q)
L-label + L-label U {labelQ};

endfor

H-label = magjority(L-label); // as h-label(p)
if label(p) = H-label then // modifying original label if necessary

L+ LU {label(p)};
else
L + LU {H-label};
endif
endfor
return majority(L);

end

5 7 -OVBIEZHE) RR k-EFHET L T R4

HEoAHME, BXU, MEROHELL Z2v», 20 6f5RIC
DV TUIIHD THET 5.
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