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Fig. 1 Workflow of this study. miRNA/mRNA expression pro-
files were separately embedded into low dimensional
space by PCA (feature embedding). After identifying
PCs used for FE, outlier miRNAs/mRNAs are selected.
miRNAs/mRNAs exhibiting significant differential ex-
pression between tumor and normal kidney were further
selected among those selected as outliers, and pairs as-
sociated with reciprocal expression were compared with

those listed in miRTarBase.

X 3,4 2 RTWERC EL THEERRS, £T. B—
ICERDDHE AVWTCEEGETE BERTERICIEDAD, I
DIER., BV TIICERPBEN, BEEFICERIERETE
HDEIY B TENDZBEDYY TIVIBDIAHKE XWHIC, B
FICERDBEN. YV TNICERDEFEN TSI NS,
BEDOYY TIVBDIAKE DEWIE, YV TIIEDHAZD
BIFHEDEITI. FE. BRARKTINAEALLIND
FEOICEGFITEICKRTIAT77 1 LOFEENEOICARD
DIZFL T, BEFIEDAAZDIFEIET S LTFHHAL
INZEDITHY FILTEDEHATOT77 4 ILHBEDOICR
5HATHD, £, —MRIC. YV FILFE, BEREFIEFE

2016 Information Processing Society of Japan

Vol.2016-BIO-48 No.1
2016/12/9

BHozThzThzEOICL 2B5E0RIEBBATIEAL,
@2D@EWﬁﬁﬁﬁ—&hMEDE%%%ﬁlégtk
Y EDORICERZ D EERICFHET B2 &5 TEAW
RIIEFEEET D, £k YV T ILEHE BEETFEHER
BICEOICT 2 EIETERVDT, E506H0—H% IR
THIEILRD, ERDDINEBAVEEMLRL Z2BICL S
EHERRICBWT, YV TN EHEEOIKT S EEFIED
AHDF%EREIRT 2 EBHIF. —HOERFRREO77 4
ILOFHATIFMERMEDHEIEIATRETHY . RASHDIE
FIEDNBRERZDTHD, E-FEHEEOICTEIH YT
IWIBHAADIHEIE, FILEE L CEGEFRRIO77 4
B TN EITM/S HOREICEDIVTHL HLHIE
BFEINTWBZENSEWL, LML, ZZITERMENAS
TLE>7DOT, B2 H< OHEETLL ZBOEKRL L,
ZZT. BE. RSO EAVWEHERL 2EILLE
BRIRTIEY Y TN EHEEOICT 3 ANBRINS,

RIS, BEFRRICAWVWS TS TRDAREEX S
IOBIRT %, SOBE. EXRDEFEE Y TIVITHT S
LNTWBEHIL, ERDBRELHAUTEIIETEDE
MAICEMERICERLH 2 FEHSIRNTWELE BT
ENTED, XAROFEICIE. BEE EEERECTHRR
ENHDENDARELBAT

=RIC, BRINWAEIHSBREICRGT 2 ERNIER
ICEEHNY APHEEREL ., x ZELMEBAL T P E%E
FEL. AANfEE 2> TWEEGEFERIRT 2 (TELEE
FEINZ PEN0.01 UTEANEE T5), atas,
ZO&DRBEFIEETZ ERSICHL T, BARTIEESR
BATEARVWAIARETSEHE->TVWS, DFY, FHIMICHE
EMICESL TVWEELRFTHEEHARTIENTES D
L5THhd, TRPBRAAIRADHICH EVWDREDE
FEICIZERDHDE DE BN A, Z OFRRREIEHER
ERSOWE HIEND. ERIDTOMEIEENT L — LA
TOERRTLIRAINTSY 25| THIEEREHLD B
nNEHDOTIEAEVWE Bbha,

23 EE /EERBBEICER

mRNA /miRNA D&Y AH

§22 TRV Y —=v 7 I /e mRNA/miRNA OHH5

BICtRETHES EREREICENHS miRNA/mRNA

Y AL, 5 1/ P E% BH ¥ [26) TEELRMA
ELT P<0.05DEDDH%EIRT S,

KRBEEZ=DH 3

2.4 miRTarBase & O HLER

miRTarBase [27] I3 ERMICHEFRE S N/ miRNA-mRNA
HEERZITZREL EEEDOEV miRNA-mRNA
BERAT—9R—ATH>b, 23 TRV ) —=v I3 hik
mRNA/miRNA @5 5, miRTarBase ICEHFI N TWE AN
TICEZET2EH DA ERL (EL. mRNA & miRNA (¥



BHRUEFMRERE
IPSJ SIG Technical Report

x 1 [EE/EERSBBEOHBSH. T FRTIHHNER. mRNA
IFE—ERDATE. miRNA FE—H»S ELERPETEE
AWBElRI

Table 1 Discrimination between normal kidneys and Wilms

tumors. Row: prediction, column: true classes. The
first PC loading for mRNA (L = 1) and the first seven
PC loadings for miRNA (L = 7) were employed for

the discrimination.
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