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A Study on cSSE that Improves Generation Alternation Model of SSE
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The Stochastic Schemata Exploiter (SSE) is one of the evolutionary optimization algorithms
for solving the combinatorial optimization problems. The SSE can improve the global search
ability by maintaining the diversity of the population. In this paper, we present the Cross
generational elitist selection SSE (cSSE) algorithms which improves the generation alterna-
tion model of the SSE. The SSE and the ¢cSSE are compared with the GA with the Minimal
Generation Gap (MGG) and the Bayesian Optimization Algorithm (BOA) in 0/1 combina-
torial optimization problem in order to discuss their convergence property. As a result, we
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indicate that cSSE has an excellent convergence property and the global search ability.
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Table 2 Part solutions of deceptive problem.
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Table 3 Comparison of SSE, ¢cSSE-D, ¢SSE-C, c¢SSE.
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Table 4 Average values of final solutions.

GA(MGG)| BOA SSE cSSE
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Table 5 Standerd deviation of final solutions.
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Table 6 Calculation time (second) of the one generation.

GA(MGG)| BOA | SSE | cSSE
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HIFF 00O 1.31e-02 | 1.026-02 | 1.07e-01|9.77e-02
H-Trap 00 4.92e-03 | 4.17e-03 | 6.69e-02 | 8.23e-02
gooooooag 1.46e-02 1.71e-02 | 1.96e-01 | 1.82¢-01
poooooo 4.71e-02 |3.18e-02[1.19e-01 | 1.01e-01
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Table 7 Calculation time (second) of fitness function.
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