gooooooooo

IPSJ SIG Technical Report

Vol.2016-SLP-112 No.9

2016/7/29

0o oodoodgnd DNNOOO

guoguod

oo oov® oootl

O0O0ODNNOOOOOOOO0OO0OO0O0O00000000000000000000000000000O0O
pooooooooO0O0O0.00000000O0OO0O0000000O00,DNNOOOOOCOODODOOO0O0O
gooo.ooooooocoooooooboooOo,0oo0o00o0ooOb0 TVOOOUOOOOoOoOOoOooooo
goooooooooooooo.ooooooboooooobOooOoOoOoOooOOo,DNNOO0OOObOOO
goooooooooooooooooooooooOoboOo.ooboboooooOoboooooOoboOoooooboo
gooooooooooooooobobooooboobooooOooooboooo,00ooooooooooobOoDo
o.goooo0oooo0ooooodooobo0ooooOobooooobooooooOoO0.oooDO,DNNO
goooooooooooooooocooooboOooooOo,0oooo00ooooooooOooonoag
ooooOoo0oo,00000000oU0o0D0o00. o0000,0000000D000O0O0O00 10%0
gooooooocooooon.

rejection of background speech

Yuva Fujital®  Ken-icH1 Iso!

Abstract: We propose a DNN-based voice activity detector augmented by entropy based frame rejection.
DNN-based VAD classifies a frame into speech or non-speech and achieves significantly higher VAD per-
formance compared to conventional statistical model-based VAD. We observed that many of the remaining
errors are false alarms caused by background human speech, such as TV / radio or surrounding peoples’
conversations. In order to reject such background speech frames, we introduce an entropy-based confidence
measure using the phone posterior probability output by a DNN-based acoustic model. Compared to the
target speaker’s voice background speech tends to have relatively unclear pronunciation or is contaminated
by other types of noises so its entropy becomes larger than audio signals with only the target speaker’s voice.
Combining DNN-based VAD and the entropy criterion, we reject speech frames classified by the DNN-based
VAD as having an entropy larger than a threshold value. We have evaluated the proposed approach and
confirmed greater than 10% reduction in Sentence Error Rate.
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