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1 Illustration of the proposed algorithm
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The credit approval database (crx for short):
classes, 15 attributes, 690 examples, 10 fold
The car evaluation database (car): 4 classes,

attributes, 1728 examples, 20 fold
The tic-tac-toe endgame database

(tic-tac-toe):

classes, 9 attributes, 958 examples, 10 fold
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° The dermatology database (dermatology): 6 classes,
34 attributes, 366 examples, 10 fold

Method 1

Method 2
Method 1
4 Results of t-test for training set
Database V not used vs V not used vs
Method 1 Method 2
Crx 0.0122989+ 0.0161032+
0.00631071 0.010256
car 0.0176124+ 0.0244309+
0.00618014 0.00709009
Tic-Tac-Toe 0.0285862+ 0.0245391+
0.00998896 0.0136521
dermatology 0.01274+ 0.0274575+
0.00565787 0.0143078
5 Results of t-test for test set
Database V not used vs V not used vs
Method 1 Method 2
crx -0.021739+ -0.0057969+
0.021138 0.0205536
car -0.00116275+ 0.0139199+
0.0161574 0.0183394
Tic-Tac-Toe 0.011458+ 0.015581+
0.053224 0.023861
dermatology -0.0054053+ 0.0138889+
0.0286882 0.0307512

5.2
L] Maximum number of generation: 1000
° Population size: 100
° Genotype size: 50
[ Crossover type: 2-point crossover
o Crossover rate: 70 %
L] Mutation rate: 5 %
° Selection type: Truncation selection
° Truncation rate: 30 %
L] (Method 1) Sliding Window Size: 10
° (Method 2) Number of Change Point: 20
Method 1 Sliding Window Size Sliding Window
Method 2 Number of Change Point
5.3
t-test
t-test  95%
1Error ratefor training set
Database V not used | Method 1 Method 2
crx 0.105636 0.118131 0.121739
car 0.165997 0.183609 0.190428
Tic-Tac-Toe 0.204710 0.233296 0.229252
dermatology 0.025500 0.038240 0.052957
2 Error ratefor test set
Database V not used | Method 1 Method 2
crx 0.153623 0.131884 0.147827
car 0.184650 0.183487 0.198670
Tic-Tac-Toe 0.246360 0.257818 0.261941
dermatology 0.054655 0.049249 0.068544
3 Number of generations used
Database V not used Method 1 Method 2
crx 1000.0 181.3 313.8
car 1000.0 199.5 2442
Tic-Tac-Toe 1000.0 197.7 240.6
dermatology 1000.0 148.7 191.4
6.
Method
Method 1
Method 2

Method 1, Method 2
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