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Performance evaluation of RS-PSQO based on power law distribution

REN HASHIMOTO!  MASATO KANEKO™ TOSHIYA IWAI"™

Abstract: Particle Swarm Optimization (PSO) is one of meta-heuristics that can be applied to such continuous optimization
problems as minimization problems of function. It is difficult to find solution for problems with complicated structure by use of
PSO, because PSO does not have much effective ability on global search. Hence, in order to improve search abilities we propose
a variant for PSO that use Power Law Distribution in Random Search PSO (RS-PSO). By our numerical simulation, proposed
method shows high efficiency to search solutions for minimization problems of multimodal and non-separable functions by
comparison with PSO and original RS-PSO.
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