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A Fast Object Detection Method from High Resolution Images
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R-CNN % 7 |2 8 /L U 7= F ¥ 12 Fast R-CNN[4] %
Faster R-CNN[5] »*% %. Fast R-CNN T (3 Selective
Search Z AL T2 Z L IZ&DY 1374 <, Faster R-CNN
Tl Selective Search D4 Y IZ RPN (Region Proposal
Network) D3SHWVSNTWVWS. RPN TIXAAEBIIIT LT
BN DEHAAZEATD D, ASIDOWHY A XINKELR
BDIF EBE R BT MENIH Y 4000 5 FEH Y O i T
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S EERDBEFUIN R & 32 2 YA DG > T O 258113
HRTEROVTAREMNELNDH D 20, M1 D& > I2HEHEHIX
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3.2 DFETIH 1 BRBSHOBMEZ TP T 217> 7285
ATHMRETEIRVYREIRATE R, ZhidTE T
MaNU72Z & TORDIER PN LDND Z TR S720,
HE/INE A S IR % 17 5 550 1308 1 2 Z L AT E R0,
— i CYMARD DR SYHEADPMFAET S ATREME 2 15 Z
CAXHRD . B ZIZHL PR 23 2 A R m I 28 LI iE A
AN D HTHEMEDS S < ZE R N IZ A DN B HREMEAMEL . 2
S ULERZ 3.1 TRIEBLUZERZHCTEE L, KD
1F1E9 2 W BEME DN W IR D AR % 4T S FENH
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DURICHRETIEOM ik & 2 OfER %2 RS, Wik
Tk & UT,Google tED#EMT S Object Detection API[8]
% FIF U, Faster R-CNN,SSD[9],SSD-Lite,R-FCN[10] %
HWNTENZTNDFTi %7572 COCO 7—& & w b [11]
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4.1 DEILEEREZRBIEZFE

3R U 2R % D EIT 2 TR & > TAY DMK
EREDOREN EUZ»%FHGT 5. ERER1ITRT
ETOETIIBNT, SEILTHRHET 2 FEIZZ <0
HEMETETEY, Faster R-CNN Tl& 20.4 £ R-FCN
Tld 54.1 £%,8SD TEHAHIEL DGHITIFLALMIBTE
TWRWMAH 13094 FEOYREMIBTE A LIZRS. —
Fi, R RIE 2 E OA RIZE D S IEE IS RO R A H
Mo TEY, BEIUZGEIE URWEGE I A TR R
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X2 5L B o TV d. BB HIOWNIRZFHEL & 2
A, ZHULEBRDFRE AR A E Numpy FERANDEHIZ 20 7
BLEDRDTWE Z &Ny ho /.

£ 1 wifgEDE U TR E L Tk

S AR AR SRR (RD)
aElEL | aEldY | aElal | aEldY
Faster R-CNN 4.485 91.427 1.364 | 400.251
SSD 0.007 9.166 0.795 30.214
SSD-Lite 0.014 8.775 0.793 31.821
R-FCN 0.869 47.057 0.858 54.958
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AR TIE 4000 73 18 S5 8% 0D e H R R & O TR IR
HEFD FHIZOWTRUZ. B ZE 4SS L TORRES
256, BT MAIIR N & B < 72 iR H SEI P M 1%
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DEE%E AW EBRTIENE U YRR FE R & Y
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THET S Z L TRHIZIZIEF IRV 2> TH Y,
AIALEIZ & > THREN & & 22 5 EFEE 2 IREMIZT S 2
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Eom Ex B U ,8K MM Ok % fH U 2 Wik Tk
DOHESL % Hig .
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