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Abstract: Autonomous driving can not be operated at a place where there is no point cloud map. When
there is a change to static information on a point cloud map, it is necessary to update such as buildings and
traffic signals. In this paper, we present updating static map information by integrating the base map and
the new map created by the autonomous driving vehicle equipped with cheaper sensors. We propose to make
identical point determination of point cloud map by combining GNSS data and feature point extraction of
point cloud. Furthermore, difference extraction of a point cloud map is realized by clustering and segmenta-
tion taking into consideration the influence of occlusion. Evaluations show that 74% of new buildings were
added and 40% of the lost buildings were removed in the new point cloud map by integrating two different
point cloud map. This results show the superiority of the proposed method of road surface detection and
suppressing the influence of occlusion and that it can realize the integration of two independent point cloud
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Fig. 2 Road surface removal and result of clustering.
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Fig. 3 Flow of approach process.
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Fig. 5 Point cloud distribution in height direction.
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Table 2 Making label for grids using road classification results.
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