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Abstract This paper describes a novel method of rescoring that reflects tendencies of errors in word hypotheses in
speech recognition for transcribing broadcast news. The proposed rescoring assigns penalties to sentence hypotheses
according to the recognition error tendencies in the training lattices themselves using a set of weighting factors for
feature functions activated by a variety of linguistic contexts. We introduced new techniques to obtain the factors
and it is based on the minimization of word errors, which explicitly reduces expected word errors. Moreover, we
proposed a new time-dependent-adaptive training scheme, which features similarities among temporal correlated
articles of broadcast news. The results of transcribing Japanese broadcest news achieved a word error rate (WER)
of 7.4%, which was a 6.3% reduction relative to conventional trigram lattice rescoring.
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